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Abstract 

Background A good health care system and, especially, the provision of efficient hospital care are the goals of 
national and regional health policies. However, the scope of general hospital care in the 16 federal states in Germany 
varies considerably from region to region. The objectives of this paper are to evaluate the technical efficiencies of all 
general hospitals of the 16 federal states for the period from 2015 to 2020, to find out the relation between the exog-
enous factors and score of efficiency, and also the influence of the COVID-19 pandemic on the results of the technical 
efficiency of hospital care in the German states.

Methods A two-step approach was used. First, an input-oriented Data Envelopment Analysis model with constant 
returns to scale and variable returns to scale was applied for the 6-year period from 2015 to 2020. The calculation of 
technical efficiency according to the input-oriented DEA model contains the three components—total technical effi-
ciency (TTE), pure technical efficiency (PTE) and scale efficiency (SE). In the second stage, the influence of exogenous 
variables on the previously determined technical efficiency was evaluated by applying the tobit regression analysis.

Results Although the level of average technical efficiency of about 90% is high, total technical efficiency dete-
riorated steadily from 2015 to 2020. Its lowest point at around 78%, was in the year 2020. The deterioration of the 
average technical efficiency is notably influenced by the lower results in the years 2019 and 2020. The decomposition 
of technical efficiency also revealed that the deterioration of overall average efficiency was influenced by both pure 
technical efficiency (PTE) and scale efficiency (SE). Based on the tobit regression analysis performed, it was possible to 
conclude that the change in the efficiency score can be explained by the influence of exogenous factors only from 
6.4% for overall efficiency and from 7.1% for scale efficiency.

Conclusions The results of the analysis of the overall technical efficiency reveal that the aggregated data of all 
general hospitals of all 16 federal states show a steadily worsening total technical efficiency every year since 2015. 
Although, especially, the deterioration of the year 2020 with the occurrence of COVID-19 pandemic, contributes to 
a deteriorated efficiency average, the deterioration of the efficiency values, based on the analysis performed, is also 
observable between the years 2016 and 2019. Considering the output generated, for inefficient units and the relevant 
policy authorities in the hospital sector, it can be recommended that the number of beds and in particular the num-
ber of physicians, should be reduced as inputs. Based on this study, it is also recommended that decisions to increase 
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the efficiency of general hospitals should be made with consideration of exogenous factors such as the change in 
the number of general hospitals or the population density in the respective state, as these had explanatory value in 
connection with the increase in efficiency values. Due to the wide variation in the size of the federal states, the recom-
mendation is more appropriate for federal states with low population density.

Keywords Data Envelopment Analysis, Efficiency, Germany, Federal states, General hospitals, Tobit regression

Introduction
Inefficiency is a pervasive problem in healthcare systems. 
In fact, the World Health Organization estimates that, on 
average, 20—40% of total health spending worldwide is 
wasted [1, 2]. It is therefore not surprising that this politi-
cal and economic discussion about the efficiency and 
quality of the public health care system has been going 
on for many years, not only in Germany but at the inter-
national level as well [3–5].

The evaluated German health care system has been the 
subject of ever increasing political and economic debate 
for many years. Almost as an alternative, the efficiency of 
the health care system, the quality of the services offered, 
and the level of expenditures and costs have been dis-
cussed [6–9]. In the discussion about possible cost-saving 
potential of the various groups of service providers such 
as physicians, pharmacies and hospitals and their respec-
tive associations, the focus on the hospital sector appears 
to make the most sense. Especially since the hospital sec-
tor is regularly named first when it comes to potential 
cost savings and the issue of cost explosion in the health-
care system [6, 10, 11]. At first sight, this seems under-
standable, since spending on inpatient hospital services 
accounts for the largest share of costs in the German 
health care system in absolute terms [6]. With more than 
114 billion Euros, around 25% of total healthcare spend-
ing is generated by the hospital sector alone [12, 13].

The range and scope of hospital care is different at 
the regional and local level of the states. Most providers 
(hospitals) are located in larger cities and rural regions 
do not have comparable availability, including the scope 
of hospital care. This knowledge is valid in many coun-
tries of Europe and the World. The key, but not the only, 
determining differences between regions are the size of 
the territory and the number of inhabitants [14–16].

Estimation of the technical efficiency of hospital care at 
the level of regions (states) can be realized using the DEA 
model and its decomposition. Decomposition allows to 
detect the importance of returns to scale on the result-
ing efficiency score [17, 18]. In economic theory, returns 
to scale belong to classic microeconomic topics asso-
ciated with the function of production of production 
units and, under certain assumptions, can be considered 
a special case of economies of scale. It can therefore be 
assumed that the effectiveness of the scope of health care 

viewed in an aggregated perspective, i.e., in the condi-
tions of a certain territorial unit, is influenced by its size. 
The resulting score of the technical efficiency of hospital 
care at the level of the individual federal states is deter-
mined by selected inputs and outputs, yet the results of 
the countries’ efficiency can be perceived in a broader 
context. At a minimum, it is necessary to consider the 
economic character of hospital care as a public good, as 
well as its social value, and then to deal with the con-
flict between efficiency and equality. On the other hand, 
it should be remembered that most state health policies 
declare improvements in efficiency and equality in health 
care, even though it is true that to achieve higher effi-
ciency it is necessary to give up a certain degree of equal-
ity and vice versa [19, 20].

Generally, hospitals are among the most important 
providers of healthcare and thus are an essential part of 
the infrastructure of the economies of developed coun-
tries. In the field of hospital care, there are public hos-
pitals, private non-profit and private for-profit hospitals. 
Many works address whether public or private hospitals 
are more efficient [21–23], although they always empha-
size the limiting factors of efficiency in the form of qual-
ity of care. In the last 20 years, it has also been possible to 
observe social pressure to improve the efficiency of hos-
pital care. As a part of health reforms, the optimization 
of the bed fund and the reduction of the average treat-
ment time (hospitalization) are being implemented. This 
is happening in the context of changes in the payment 
mechanisms for financing inpatient care, new medical 
options, whether it comes to the equipment of medical 
facilities, or new patient treatment procedures. Inte-
grated systems of community and home care are being 
implemented in some medical fields in some countries 
(e.g., interns, psychiatry) [16, 24].

The question of the efficiency and effectiveness as well 
as, consequently, the sustainability of the health care sys-
tem has arisen recently, especially in the context of the 
COVID-19 pandemic, when governments started to look 
for solutions, especially for the financing of the health 
care system in such crisis [12, 25, 26]. The COVID-19 
pandemic is a serious health emergency that has there-
fore affected the lives of everyone around the world [27, 
28]. The hospitals are particularly in the centre of the 
stage [29]. The Corona pandemic COVID-19, which has 



Page 3 of 14Vrabková and Lee  Health Economics Review            (2023) 13:7  

been emerging since the beginning of 2020, is also con-
fronting the German healthcare system with extreme 
challenges [12, 30, 31].

Estimation of the technical efficiency of the hospital 
care is relevant for the reasons mentioned above. The 
estimation is concluded at the level of the federal states 
of Germany, including the evaluation of external fac-
tors that influence it, and thus fills a gap in research. The 
paper focuses on the evaluation of the score of techni-
cal efficiency of the hospital care in the federal states of 
Germany for the period from 2015 to 2020, including the 
approximation of the effect of selected exogenous fac-
tors on the score of individual components of technical 
efficiency.

The research focuses on four research questions (RQs): 
RQ1: Does pure technical efficiency or scale efficiency 
affect the overall technical efficiency score of hospi-
tal care in the federal states of Germany? RQ2: Can the 
effect of the COVID-19 pandemic be detected on the 
technical efficiency score of hospital care in the federal 
states of Germany?; RQ3: Does the technical efficiency 
score affect the number of general hospitals in the federal 
states of Germany?; RQ4: Does the population density in 
German states affect the technical efficiency score?

Literature review
While studies on efficiency measurement using the DEA 
method with Charnes et al. (1978) [32] and Banker et al. 
(1986) [33] generally date back to 1978 and 1986, respec-
tively, corresponding studies on efficiency measurement 
of German hospitals can only be found from the year 
1985 onwards. Although hospital efficiency has gained an 
enormous importance in Germany in recent years [6–8], 
research in this area has stagnated. Table 1 shows the pre-
vious research on German hospital efficiency based on 
the methods DEA or Stochastic Frontier Analysis (SFA). 
The studies therefore use non-parametric and parametric 
methods as estimation procedures. In summary, surpris-
ingly, there are hardly any studies on efficiency measure-
ment in German hospitals in the last decade. The studies 
by Augurzky and Schmitz (2010) [8] and Karmann and 
Rösel (2016) [34] are the only ones that take into account 
the differences in hospital care among the German states. 
Accordingly, no time series data of the German states 
have been explored since 2013.

Many scientific research studies use the DEA model in 
combination with the tobit model to evaluate the tech-
nical efficiency of health care and services. The authors 
of these works solve various problems of microeconomic 
and macroeconomic nature. These evaluate the techni-
cal efficiency of specific organizations (hospitals, clin-
ics, institutes) or only selected medical fields (internal 
medicine, surgery, psychiatry, etc.) and the influence of 

selected external parameters (predictors) on the calcu-
lated technical efficiency score.

Published studies show that the focus of research on 
the technical efficiency of general hospitals in the con-
text of exogenous factors is still a current topic. Authors 
usually test many factors (predictors) as explanatory vari-
ables using the tobit model. However, it often turns out 
that most of the selected factors are not statistically sig-
nificant in relation to the dependent variable (efficiency 
score or efficiency trend).

Predictors are expressed using nominal, relative, binary, 
and scale values. The authors use spatial characteristics 
[22, 35–37], age, gender, nationality characteristics of the 
interested population [37], qualification expertise and 
education of medical personnel [36], size and ownership 
of hospitals [21–23], health care quality parameters [37, 
38] macroeconomic economic and financial characteris-
tics [39–41] specific indices [39].

Methodology
Data and methods
The subject of research into the technical efficiency 
of hospital care is the 16 federal states of Germany 
(Länder). Each of these states has its own constitution, 
which reflects the federal, democratic, and social prin-
ciples of the national constitution, the so-called Basic 
Law, for its respective state. A key feature of the German 
political system, which has a particular influence on the 
health care system, is the division of decision-making 
authority between the federal government, the states, 
and civil society organizations. The federal and state gov-
ernments delegate powers to provide health care services 
to membership-based and self-regulated organizations, 
which are referred to as "corporatist bodies" [42, 43]. 
Thus, Germany has decided for a "self-administration 
principle" in which neither the state nor the market regu-
lates the complex health care system, but the participants 
themselves. In the existing economic system of the social 
market economy, the state sets the framework conditions 
and tasks for medical care. It issues laws and regulations 
for this purpose. The market, however, is regulated by 
the participants [12]. Furthermore, the "system dual-
ity" between statutory and private health insurance for 
primary and mandatory coverage is another key feature 
of the German health care system. Around 11% of the 
population is fully insured with a private health insurance 
company; among OECD countries, only Chile has a simi-
lar mixed system between public and compulsory private 
health insurance [44].

Selected inputs, outputs and exogenous factors are 
calculated for each year of the six-year period 2015–
2020. Each state enters the evaluation 6 times; there-
fore 96 Decision Making Units (DMUs, 16 × 6) are 
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Table 1 Overview of empirical studies on the efficiency of hospitals in Germany

Author Basis of analysis Inputs and outputs / main findings

Taube 1988 613 German hospitals Outputs: patients in different departments
Inputs: Costs

Helmig 2005 418 German hospitals Inputs: Number of beds, treatment cases per year, sponsor-
ship

Dittrich et al. 2005 105 Saxon and 251 Swiss hospitals Inputs: Number of staff, costs, days of care
Main findings: Swiss hospitals are less efficient than Ger-
man hospitals

Staat 2006 160 German hospitals Inputs: daily rates, number of beds
Outputs: Treatment cases per year, length of stay

Frohloff 2007 1500 German general hospitals Inputs: e.g., ownership
Main findings: private and non-profit hospitals are on aver-
age less efficient than public hospitals

Herr 2008 1500 German hospitals
(Data from the years 2000 to 2003)

Inputs: Number of beds, treatment cases per year, sponsor-
ship
Main findings: private and non-profit hospitals are less 
cost-effective and technically less efficient than publicly 
owned hospitals

Herr et al. 2009 374 German hospitals
(Data from the years 2002 to 2005)

Inputs: Number of beds, treatment cases per year, owner-
ship
Main findings: private (for-profit) and (private) non-profit 
hospitals are less cost-efficient but more profitable than 
publicly owned hospitals

Tiemann und Schreyögg 2009 1046 German hospitals Main findings: Public hospitals performed significantly 
better than their private for-profit and non-profit counter-
parts. A significant positive association between hospital 
size and efficiency is shown

Augurzky und Schmitz 2010 1865 German general hospitals
(Data from the years 2003 to 2008)

Inputs: Staff (physicians, nurses, other staff ) and material 
costs
Outputs: Number of cases weighted with level of severity
Main findings: Average efficiency increased slightly 
between 2003 and 2008. However, hospitals are on aver-
age 3% points more inefficient than the top 10% hospitals. 
But there are notable differences at the state level

Herwartz und Strumann 2011 1500 German general hospitals Inputs: Material costs, personnel, number of beds
Outputs: Treatment cases per year, number of trainees
Main findings: Improvement of overall efficiency after DRG 
introduction

Herr et al. 2011 541 German hospitals Main findings: Higher profit efficiency of private hospitals 
compared to public hospitals—but differences in cost 
efficiency

Tiemann und Schreyögg 2011 1878 German acute hospitals Main findings: Conversion from public to private owner-
ship resulted in increased efficiency

Lindlbauer und Schreyögg 2014 1239 acute care German hospitals
(Data from the years 2000 to 2010)

Inputs: Number of staff (physicians, nurses, other staff ) and 
number of beds
Output: Weighted cases
Main findings: Efficiency is negatively associated with 
case-mix specialization, and positively with medical 
specialization

Lindlbauer et al. 2016b 225 German Public law hospitals
(Data from the years 2002 to 2010)

Inputs: Number of staff (physicians, nurses, other
clinical staff, administrative staff, other nonclinical staff ) 
and cost of medical supplies
Output: Weighted cases
Main findings: The results of the difference-in-difference 
regressions indicate that corporatization has a positive 
effect on efficiency
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determined. The logic behind the designation of states 
as DMUs is as follows: the states are sorted alphabeti-
cally by name, so number 1 is Baden-Württemberg, 
number 2 is Bayern, … the year designation defines 
a specific DMU, ee.g.,1_2015 (Baden-Württemberg 
in 2015), 1_2016 (Baden -Württemberg in 2016), see 
Attachments.

Three inputs (× 1, × 2 and × 3) and one output (y1) 
were used to estimate technical efficiency and its decom-
position. The selected inputs show the most important 
capacity (Number of beds, × 1) and production factors 
(Number of physicians × 2, Number of nurses and non-
physician staff, × 3) determining both the scope of offer 
and the fixed costs of healthcare. The selected output is 
defined by Number of bed occupancy days (y1), which 
demonstrates the extent of healthcare actually delivered. 
Realized care is a driver of hospital revenues. The values 
of inputs and outputs are aggregated for all hospitals in 
a given state and expressed in relative terms—per 1000 
inhabitants, (see Table 2). The choice of these inputs and 
outputs is based on the needs of this research and their 
importance is confirmed by the methodologies of previ-
ous work (see Table 1).

▪ × 1 Number of beds per 1000 inhabitants of a state 
in a given year (source: [45])

▪ × 2 Number of physicians per 1000 inhabitants of 
a state in a given year (source: [46])
▪ × 3 Number of nurses and non-physician staff per 
1000 inhabitants of a given state (source: [46])
▪ y1 Number of bed occupancy days per 1000 inhab-
itants of a given state (source: [47])

Two factors were selected on the basis of the verifica-
tion selection of exogenous factors for regression analy-
sis, in terms of statistical significance and explanatory 
power.

▪ HosN number of all general hospitals (excluding 
psychiatric institutions and day care) in a given state; 
(data source: [47])
▪ PD Number of inhabitants per km.2 (population 
density of a state) (data source: [48])

HosN characterises the relative level of distribution of 
health care in a given state. PD indicates a relative limit 
to the efficiency of health care (population density affects 
the rate of distribution of health care in a given state). In 
addition to the above (selected), the number of patients 
was considered when distinguishing ownership (public, 
private, non-profit, private), distinguishing states accord-
ing to the eastern and western sectors (Germany before 

Table 1 (continued)

Author Basis of analysis Inputs and outputs / main findings

Lindlbauer et al. 2016a 830 acute care German hospitals (with or without quality 
certification)
(Data from the years 2000 to 2010)

Inputs: Number of staff (physicians, nurses, other
clinical staff, administrative staff, other nonclinical staff ) 
and number of beds
Output: the number of treated inpatient cases (weighted 
cases)
Main findings: The national standard KTQ has significant 
positive effects on efficiency. The international standard 
ISO 9001 has a significant negative impact on efficiency

Karmann and Rösel 2016 State-level aggregates of the 16 states (Bundesländer) 
(Data from the years 1993 to 2013)

Inputs: physicians, nurses, and other staff
Outputs: number of discharges, a quality index, and the 
quality-adjusted number of discharges
Main findings: The influence of policy decisions on TFP 
growth is higher in quality improvement than in increases 
in input or input amounts. However, hospital policy also 
depends strongly on the respective reimbursement 
schemes

Pross et al. 2018 1100 stroke treating German acute care hospitals
(Data from the years 2006 to 2013)

Inputs: Resource inputs (physicians and nurses)
Outputs: Risk-adjusted patient volume (stroke-unit)
Main findings: A conflict of objections is shown between 
quality improvement and resource reduction. Also, high 
substantial regional variation in efficiency

Schneider et al. 2020 Emergency cases of 1428 German acute care hospitals
(Data from the years 2015 to 2017)

Inputs: Number of nurses and physicians, number of beds
Outputs: In- and outpatient cases
Main findings: A negative relationship between the 
urgency score and hospital efficiency is proven. Either a 
high or low overall urgency score is beneficial. The results 
indicate that with the medical urgency score hospitals’ 
efficiency is decreasing
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1990). However, the significance of these factors was not 
confirmed in the context of the model studied. 

Average number of hospital beds (× 1) per 1 thousand 
inhabitants in the states in the monitored period is 5.8. 
The lowest number of beds 4.21 per 1 thousand inhab-
itants was Baden-Württemberg in 2020. The highest 
number of beds was 7.39 in Bremen (city state) in 2016. 
The average number of doctors (× 2) in hospitals per 1 
thousand inhabitants in the states in the monitored 
period is 2.30 (lowest 1.74—Niedersachsen in 2015, 
highest 3.65 Hamburg in 2020). The average number of 
nurses and medical professionals (× 3) is 12.25 (lowest 
8.74—Brandenburg in 2014, highest 17.32—Hamburg 
in 2020). The average number of occupied bed days (y1) 
was 1595.22 per 1 thousand inhabitants (lowest number 
of days 1016.13 in 2020 in Baden-Württemberg, highest 
number of days 2136.5 Hamburg in 2015).

The largest number of hospitals was in the state of Bay-
ern (298 in 2015, 284 in 2020) and the population den-
sity in Bayern was 186 inhabitants per  km2. The city state 
of Bremen had the lowest number of hospitals (12 in all 
years) and the population density in the state of Bremen 
was 1,623 inhabitants per  km2. The highest population 
density was in the city state of Berlin at 4,115 inhabitants 
per km2 (76 hospitals in 2020) and the lowest density was 
in the state of Mecklenburg-Vorpommern at 69 inhabit-
ants per  km2 (33 hospitals in 2020).

A necessary prerequisite for calculating the degree of 
efficiency according to the DEA model is the correla-
tion between the variables, which, however, should not 
be higher than 0.8 between the inputs. Otherwise, the 
inputs are interchangeable.

Correlation coefficients between pairs of variables were 
calculated according to Pearson’s correlation (r) and veri-
fied at the 1% level of significance. Only positive correla-
tions were detected, i.e., that as the value of one variable 
increases, the value of the other variable increases, as 
shown in the correlation matrix Table  3. A very strong 
correlation between the input number of beds (× 1) and 
the output number of days of occupied beds is logical and 
was expected. Other correlations are optimal and sup-
port the assumption of appropriately chosen inputs for 
multi-criteria evaluation.

The research is based on a two-phase analysis includ-
ing multi-criteria estimation of technical efficiency and 
regression analysis. The logic is presented in the diagram 
in Fig. 1. Technical efficiency and its decomposition are 
estimated according to the input-oriented DEA model.

The approximation of two exogenous factors—the 
number of hospitals on the territory of a given state 
(HosN), the number of inhabitants of a state per  km2 
(PD) to the estimated efficiency values—total efficiency 
Y1, net efficiency Y2 and efficiency from the range Y3 is 
realized according to the multiple regression analysis of 
the tobit model.

Input‑oriented DEA model and its decomposition
From the perspective of application, the DEA model is 
considered to be a universal assessing tool, which means 
that it can be used, on condition of homogeneity of deci-
sion-making units, in the production sector as well as in 
the sector of services of profit-making and non-profit-
making nature. Homogenous decision-making units 
(DMUs) are created by such set of units that are occupied 
with the production of identical or equivalent effects, 
which are denoted as outputs of these units [49].

Estimating efficiency using the DEA model can be 
implemented both in terms of input orientation and out-
put orientation. An input-oriented model was chosen for 
the purposes of this investigation.

The calculation of efficiency according to the CCR 
model is performed with the use of the Charnes-Cooper’s 
transformation and converted from linear-fractional pro-
gramming into a standard programming task. The CCR 
model assumes constant returns to scale (CRS).

Table 2 Basic statistical characteristics of inputs, outputs, and exogenous factors (period 2015–2020)

 × 1  × 2  × 3 y1 HosN PD

Minimum 4.21 1.74 8.74 1,016.13 12.0 68.9

Maximum 7.39 3.65 17.32 2,136.50 298.0 4,114.8

SD 0.83 0.43 1.91 269.62 85.3 1,063.6

Mean 5.80 2.30 12.25 1,595.22 99.3 683.3

Median 5.77 2.20 11.92 1,647.68 69.5 213.3

Table 3 Correlation matrix

a the level of significance at 1%

 × 1  × 2  × 3 y1

 × 1 1 0.688a 0.592a 0.910a

 × 2 0.688a 1 0.761a 0.682a

 × 3 0.592a 0.761a 1 0.549a

y1 0.910a 0.682a 0.549a 1
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The calculation of efficiency according to the BCC 
model has one additional variable in its objective func-
tion (in comparison with the CCR), which corresponds 
with the restricting condition – condition of convexity, 
and which will not be restricted by conditions of non-
negativity. The BCC model assumes variable returns to 
scale (VRS).

If the z value equals one, the DMU is efficient. For inef-
ficient units, it applies that their degree of efficiency is 
lower than one, i.e., e < 1.

The degree of efficiency, which is calculated according 
to the CCR and BCC models, is a basis for the calcula-
tion of the so-called scale efficiency (SE) according to the 
formula (2). Cooper et al. (2007) [50] define the scale effi-
ciency as the ratio of the degree of efficiency of a deci-
sion-making unit gained by the CRS θ∗CRS and the VRS 
θ∗VRS model, where the degree of the decision-making 
unit’s SE is lower or equal to one. The formula (1) stated 
below, considers the orientation on the inputs, whilst the 
same indicator and procedure can be applied in case of 
the orientation on the outputs.

The decomposition of the efficiency (2) allows to 
express the so-called pure efficiency (PTE) and the scale 
efficiency (SE).

The above-stated facts show that the degree of effi-
ciency calculated by the CRS model is being noted as the 
total technical efficiency (TTE), and the degree of effi-
ciency calculated by the VRS model as the pure technical 
efficiency (PTE). This specific decomposition explains the 
sources of inefficiency, thus whether the cause of ineffi-
ciency lies in the operation (pure technical efficiency), or 

(1)SE =
θ∗CRS

θ∗VRS

(2)CRSθ∗CRS = θ∗VRS × SE

in unfavourable conditions (scale efficiency), or in both 
[17].

The tobit model takes into account the fact that in the 
case of the dependent variable one works with limited 
data [51]. For the application of the model, the assump-
tions of homoscedasticity and normality of the model 
for the latent variable are essential. The tobit model is 
currently one of the most used applied approaches in 
connection with the DEA model, [see 35] states that "effi-
ciency scores must lie between 0 and 1 or equal 0 or 1. 
There are usually several values at 1, but often none at or 
close to 0.”

The tobit equation may be expressed as follows (3);

where xi is the observed independent variable for all 
situations, yi is the latent dependent variable limited by 
values equal to, greater or smaller than 0. β shows estima-
tive factors and μi shows the error (destructive) term. In 
the equation, the destructive term is expressed as (4):

That is, the destructive term has zero mean with nor-
mal distribution and same variance. Expression of the 
destructive term in this way also requires expression of 
the latent variable (y*) in the same way y∗ ~ [0, σ2]. In a 
censored model, “upper censoring” tobit model is recom-
mended or the conditions with the upper limit 1 (as in 
the efficiency scores) may be expressed as follows with 
y expressing the values of the observed variable. The 
tobit model may be defined sometimes as censored from 
below or above, that on the minus and plus side.

(3)
y∗i = x′iβ + µ

ı́

y∗i > 0ifyi = y∗i
y∗i ≤ 0ifyi = 0

(4)µ ∼ 0, σ 2

Fig. 1 Scheme of two-phase analysis
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The model is set as below (6):

Efficiency scores obtained from DEA in the first stage 
are used as a dependent variable in the second stage (the 
tobit model) to allow for the restricted range of efficiency 
values.

The tobit regression model is assumed as below:

Results: decomposition of the input‑oriented DEA 
model
The calculation of technical efficiency according to the 
input-oriented DEA model includes three components 
(TTE, PTE and SE), see Table 4.

The average total technical efficiency (TTE) score cal-
culated under CRS assuming constant returns to scale 
was 0.899. The achieved efficiency rate can also be inter-
preted as 90% average efficiency. Only five DMUs were 
fully efficient (e = 1; 100%). Breaking down the results 
of the calculation by year shows that, on average, states 
achieved the best results in 2015 (94%) and 2016 (94%) 
and the worst average results in 2020 (78%).

The average net technical efficiency (PTE) score calcu-
lated according to VRS assuming variable returns to scale 
was 0.947 (i.e., 95%). 15 DMUs were fully effective. Also, as 
with TTE, the breakdown of PTE results by individual years 
shows that the best results were achieved at the beginning of 
the monitored period and the worst results came in 2020.

The average scale efficiency score (SE) calculated 
according to relation (2) was 95%, fully efficient units 
were 5. The breakdown of the calculation results by indi-
vidual years shows that on average the states achieved the 
best results in the years 2015–2019, correspondingly in 
the amount of 96%. Deterioration in efficiency from the 
scale was in 2020, by an average of 6%.

The results according to DMUs are in the appendix 
(Table 8). Berlin (city state), Brandenburg, Saarland and 
Hamburg (city state) had the best TE results on average. 
On average, the worst results were achieved by the states 
of Bavaria, Baden-Württemberg and Rheinland-Pfalz.

The decomposition results confirm that:

the average level of technical efficiency of hospital 
care in the federal states is high (90%) and decreased 
in the monitored period between 2015 and 2020;

(5)
y∗i = x∗i β + µi

y =

{

y∗i , if y∗i > 0

0, if y∗i ≤ 0

(6)Y = βXi + ε
í,
Y ≥ 0

(7)Efficiency = α0 + α1HosN + α2PD

the deterioration of the average overall technical 
efficiency was affected by the results of technical 
efficiency in 2020 and partly in 2019;
the deterioration of average overall technical effi-
ciency was affected by both net efficiency (use of 
inputs) and scale efficiency;
the lower efficiency of two inputs: × 1 (number of 
beds) and × 2 (number of doctors) contributed most 
significantly to the deterioration of efficiency.

The results of the analysis of the overall technical effi-
ciency indicate that considering the achieved outputs, 
inefficient units should reduce the number of beds (by 
15% on average) and the number of doctors (by 5% on 
average). However, the mentioned recommendation is 
only theoretical, as it can be assumed that the deteriora-
tion of the efficiency of hospital care was caused by the 
COVID-19 pandemic, which necessitated the reduc-
tion of normal hospital care and the resolution of the 
pandemic.

Results: exogenous factors
Regression analysis according to the tobit model verified 
whether the measures of technical efficiency that appear 
in the model as dependent variables Y1(TTE), Y2(PTE) 
and Y3(SE) of hospital care in individual federal states are 
influenced by two exogenous factors (independent vari-
ables). The first exogenous factor is the HosN number of 
hospitals in individual states (includes all types of hospi-
tals according to ownership: public, private, non-profit, 
and private), and the second exogenous factor is the pop-
ulation density of PD countries (number of inhabitants 
per  km2).

The results of the tobit regression analysis of the overall 
technical efficiency of hospital care Y1 are in Table 5.

The results of the tobit analysis show that exogenous 
factors (HosN, PD) explain the rate of overall efficiency 
of 6.37% (pseudoR2). If the number of hospitals increases 
by 1, the overall efficiency decreases by 0.0002 while all 
other variables are held constant in the model. If the pop-
ulation density increases by 10 inhabitants/km2 of inhab-
itants, then the overall efficiency increases by 0.001 while 
all other variables are constant in the model.

The results of the tobit analysis show that explaining 
the level of net technical efficiency (Y2) with the help of 
exogenous factors cannot be confirmed, the calculations 
are not supported by statistical significance, see Table 6.

The results of the tobit analysis show that exogenous 
factors (HosN, PD) can explain the efficiency score from 
the range of 7.05% (pseudoR2). If the number of hospitals 
increases by 1, the overall efficiency decreases by 0.0002 
while all other variables are held constant in the model. If 
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the population density increases by 10 inhabitants/km2, 
the overall efficiency increases by 0.01 while all other var-
iables are constant in the model, see Table 7.

The results of the regression analysis according to the 
Tobit model confirm that:

the change in the efficiency score can be explained by 
the influence of exogenous factors only from 6.4% for 
overall efficiency and from 7.1% for scale efficiency;
the influence of exogenous factors on the net techni-
cal efficiency score cannot be statistically confirmed;
growth in the number of hospitals worsens the effi-
ciency score (+ 1 hospital will reduce the TTE and 
SE score by 0.002%);
the growth of the population density improves the 
efficiency score (+ 10 inhabitants per  km2 improves 
the TTE and SE score by 0.01%).

Discussion and conclusion
The research looked at the technical efficiency of hos-
pital care at the regional level in the Federal Republic of 
Germany, examining the aggregated inputs, outputs and 
exogenous factors of all 16 German states from 2015 to 
2020. The analysis of the technical efficiency calculation 
according to the input-oriented DEA model confirmed 
that the overall technical efficiency (CRS) of hospital 
care is relatively high at 90% on average. In response 
to research question RQ1, it can be answered that the 
differences in efficiency rates between the different 

components of overall technical efficiency to explain 
the causes of technical inefficiency are not clear. Lower 
efficiency of the inputs × 1 (number of beds) and × 2 
(number of physicians) contributed the strongest to the 
deterioration of efficiency. In essence, the results of the 
technical efficiency measure detect, however, a source of 
inefficiency that is highly questionable in the healthcare 
setting.

Reducing hospital bed capacity makes economic sense if 
it is accompanied by a reduction in associated costs—per-
sonnel, technological and operational—which cannot be 
applied across the board to all types of hospitals without 
ensuring their availability and resilience to the surge needs 
of society. A certain degree of hospital bed vacancy—spare 
capacity, even at the cost of reduced efficiency—is neces-
sary in terms of continuity of care and optimal accessibil-
ity, especially in systems that base public health care on 
welfare state principles. It is therefore necessary for the 
supply of hospital care in a given region to include an opti-
mal mix of medical services and capacities. Augurzky et al. 
[52] state that the German hospital sector needs a reform, 
regardless of the experience of the period 2019–2021. 
Slowik, Hentschker [53] state that if the observed trend of 
decreasing hospital care utilization is maintained, the cur-
rent hospital structures (number, size and legal forms) can 
no longer be maintained. Already before the pandemic, 
changes towards a more demand- and quality-driven 
structure of the hospital sector were discussed.

Published works [9, 16] show that the orientation towards 
reduction of human resources in health care for the sake of 

Table 4 Overall technical efficiency results

CRS—TTE VRS – PTE – net t.eff SE

No. Eff Mean No. Eff Mean No. Eff Mean

96 DMUs (2015–2020) 5 0.8985 15 0.9471 5 0.94930
16 DMUs (2015) 2 0.9348 6 0.9745 2 0.95955

16 DMUs (2016) 3 0.9358 6 0.9719 3 0.96313

16 DMUs (2017) 0 0.9246 0 0.9600 0 0.96359

16 DMUs (2018) 0 0.9133 2 0.9553 0 0.95693

16 DMUs (2019) 0 0.9011 2 0.9426 0 0.95714

16 DMUs (2020) 0 0.7814 1 0.8780 0 0.89544

Table 5 Tobit analysis of Y1

Prob > chi2 = 0.0004; Pseudo R2 =—0.0637; Log likelihood = 132.8393; N = 96
*** , **, *the level of signifikance at 1%, 5% and 10%

Y1 Coef Std.Err t p >|t| [95% Conf. Interval]

HosN ‑0.0002 0.0001 ‑2.37 0.020** ‑0.0003 0.0001

PD 0.0001 5.9e-06 2.96 0.004** 5.77e-6 0.0001

cons 0.9038 0.0108 83.14 0.000*** 0.8823 0.9254

var(e.y) 0.0037 0.0005 0.0027 0.0028
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increasing efficiency can lead to a reduction in the quality 
of care provided. Which in general could lead to a reduc-
tion in the resilience of the health system to surges and 
unpredictable demands for health care in a given region.

The technical efficiency results also show that the worst 
average technical efficiency scores were recorded in the 
states of Germany in 2020, at 78%. Thus, an effect of the 
COVID 19 pandemic on the technical efficiency scores of 
hospital care in the states of Germany can be detected, as 
predicted by research question RQ2. This phenomenon 
clearly confirms that elective healthcare was subdued at 
the time of the pandemic. It can also be considered that 
the decline in the efficiency of hospital care in Germany 
could actually have been higher in 2020 if state interven-
tion had not been implemented. Augurzky et al. [52] report 
that due to the uncertainty of expected COVID-19 cases, 
hospitals were expected to keep beds and capacity vacant 
and expand intensive care capacity from mid-March 2020. 
Keeping capacity vacant would result in significant revenue 
losses for hospital operators with only a slight decrease in 
costs. The German government therefore opted for a com-
prehensive support package in which revenue losses due 
to a decrease in the volume of services billed through the 
DRG system were compensated by compensation pay-
ments to offset the financial imbalance of hospitals.

Regardless of the pandemic, the loss or reduction in 
hospital efficiency can generally be attributed to the 
inelasticity of supply in the face of fluctuating demand. 
Research by Schneider et  al. [9] compared the techni-
cal efficiency results of selected German hospitals with 
respect to their urgency score and urgency dispersion 
conditions. The results of their research confirm that hos-
pitals with a higher urgency score are more efficient and, 
on the contrary, hospitals where the urgency dispersion is 

higher, the efficiency decreases. This research highlights 
that the reduction in efficiency of hospitals is affected by 
unpredictable, surge and range significant demand. Hos-
pitals are forced to adjust the organization of health care 
work due to fluctuations in urgent, and less urgent cases. 
Changing routine procedures then leads to efficiency 
losses at the organizational level. This line of reasoning 
could also be applicable to our findings in relation to the 
COVID-19 pandemic.

Research questions RQ3 and RQ4 focused on the impact 
of the technical efficiency score on external factors, i.e., 
the number of general hospitals and population density in 
the German federal states. The analysis of the tobit regres-
sion calculation shows that both external factors under 
study had an impact on the efficiency scores of health care 
provided by hospitals in the German states. The states 
with lower population density and more hospitals showed 
lower hospital care efficiency scores. However, this effect 
is small. These findings also indicate the fact that the Ger-
man federal states, although comprising different sized 
states including urban states, have a comparatively robust 
and therefore relatively resilient hospital care system in 
terms of efficiency and its distribution across the territory.

However, as shown in [31], in regions where the distri-
bution of hospitals in the territory is unbalanced (unilat-
erally concentrated only in the largest city), there was a 
failure to manage care for patients affected by COVID-19 
during the pandemic in 2019 and 2020. In regions where 
the need for care for COVID patients was higher than the 
capacity of the health system, the conflict between health 
equity and efficiency was shown. Also, the work of Culyer 
[20] states that in the health system, the following is often 
true: An inefficient allocation can be equitable. An effi-
cient allocation can be inequitable.

Table 6 Tobit analysis of Y2

Prob > chi2 = 0.4394; Pseudo R2 =—0.0057, Log likelihood = 145.2598, N = 96

Y2 Coef Std.Err t p >|t| [95% Conf. Interval]

HosN ‑ 0.0003 0.0001 0.47 0.638 ‑0.001 ‑0.0002

PD 6.54e-06 5.19e-06 1.26 0.210 -3.76e-06 0.0002

cons 0.9395 0.0095 98.36 0.000 0.9205 0.9585

var(e.y) 0.0028 0.0004 0.0012 0.0038

Table 7 Tobit analysis of Y3

Prob > chi2 = 0.0000; Pseudo R2 =—0.0705; Log likelihood = 154.1168, N = 96

Y3 Coef Std.Err t p >|t| [95% Conf. Interval]

HosN ‑0.0002 0.0001 ‑3.63 0.000*** ‑0.0003 0.0001

PD 0.0001 4.73e-06 2.40 0.018** 1.98e-06 0.0000

cons 0.9628 0.0087 110.54 0.000*** 0.9455 0.9801

var(e.y) 0 .000774 0.000112 0.0017 0.0031
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Table 8 Results of the technical efficiency decomposition

DMUs TTE(CRS) PTE(VRS) SE DMUs TTE(CRS) PTE(VRS) SE

Baden-Württemberg 1_2015 0.870 0.986 0.883 1_2018 0.864 1.000 0.864

Bayern 2_2015 0.882 0.941 0.937 2_2018 0.861 0.934 0.921

Berlin (city state) 3_2015 0.996 0.998 0.999 3_2018 0.986 0.997 0.989

Brandenburg 4_2015 1.000 1.000 1.000 4_2018 0.971 1.000 0.971

Bremen (city state) 5_2015 0.943 0.981 0.961 5_2018 0.917 0.929 0.987

Hamburg (city state) 6_2015 0.985 1.000 0.985 6_2018 0.944 0.948 0.996

Hessen 7_2015 0.938 0.986 0.951 7_2018 0.902 0.954 0.945

Mecklenburg-Vorpommern 8_2015 0.914 0.916 0.998 8_2018 0.905 0.913 0.991

Niedersachsen 9_2015 0.917 1.000 0.917 9_2018 0.889 0.996 0.893

Nordrhein-Westfalen 10_2015 0.907 0.921 0.985 10_2018 0.898 0.913 0.983

Rheinland-Pfalz 11_2015 0.899 0.966 0.930 11_2018 0.893 0.948 0.942

Saarland 12_2015 1.000 1.000 1.000 12_2018 0.975 0.996 0.979

Sachsen 13_2015 0.961 0.965 0.995 13_2018 0.942 0.948 0.993

Sachsen-Anhalt 14_2015 0.917 0.932 0.984 14_2018 0.889 0.894 0.994

Schleswig–Holstein 15_2015 0.882 1.000 0.882 15_2018 0.877 1.000 0.877

Thüringen 16_2015 0.946 1.000 0.946 16_2018 0.900 0.914 0.985

Baden-Württemberg 1_2016 0.876 0.993 0.882 1_2019 0.861 0.999 0.861

Bayern 2_2016 0.883 0.945 0.934 2_2019 0.864 0.940 0.919

Berlin (city state) 3_2016 1.000 1.000 1.000 3_2019 0.983 0.999 0.984

Brandenburg 4_2016 1.000 1.000 1.000 4_2019 0.964 0.979 0.985

Bremen (city state) 5_2016 0.956 1.000 0.956 5_2019 0.886 0.892 0.994

Hamburg (city state) 6_2016 0.988 1.000 0.988 6_2019 0.936 0.939 0.997

Hessen 7_2016 0.915 0.965 0.949 7_2019 0.895 0.951 0.941

Mecklenburg-Vorpommern 8_2016 0.928 0.929 0.998 8_2019 0.887 0.899 0.986

Niedersachsen 9_2016 0.920 1.000 0.920 9_2019 0.891 1.000 0.891

Nordrhein-Westfalen 10_2016 0.909 0.924 0.984 10_2019 0.892 0.913 0.976

Rheinland-Pfalz 11_2016 0.899 0.946 0.950 11_2019 0.855 0.916 0.933

Saarland 12_2016 1.000 1.000 1.000 12_2019 0.922 0.928 0.994

Sachsen 13_2016 0.957 0.961 0.996 13_2019 0.913 0.928 0.984

Sachsen-Anhalt 14_2016 0.910 0.916 0.993 14_2019 0.885 0.892 0.992

Schleswig–Holstein 15_2016 0.885 0.977 0.905 15_2019 0.884 1.000 0.884

Thüringen 16_2016 0.947 0.993 0.954 16_2019 0.901 0.907 0.993

Baden-Württemberg 1_2017 0.868 0.995 0.871 1_2020 0.765 1.000 0.765

Bayern 2_2017 0.868 0.937 0.926 2_2020 0.746 0.874 0.853

Berlin (city state) 3_2017 0.989 0.998 0.991 3_2020 0.860 0.917 0.938

Brandenburg 4_2017 0.988 0.992 0.996 4_2020 0.824 0.951 0.867

Bremen (city state) 5_2017 0.930 0.944 0.986 5_2020 0.794 0.796 0.997

Hamburg (city state) 6_2017 0.974 0.984 0.990 6_2020 0.811 0.824 0.984

Hessen 7_2017 0.911 0.956 0.953 7_2020 0.769 0.912 0.843

Mecklenburg-Vorpommern 8_2017 0.918 0.922 0.996 8_2020 0.776 0.822 0.944

Niedersachsen 9_2017 0.907 0.998 0.909 9_2020 0.774 0.997 0.776

Nordrhein-Westfalen 10_2017 0.904 0.922 0.981 10_2020 0.768 0.826 0.931

Rheinland-Pfalz 11_2017 0.879 0.927 0.949 11_2020 0.730 0.887 0.823

Saarland 12_2017 0.984 0.986 0.998 12_2020 0.763 0.799 0.955

Sachsen 13_2017 0.942 0.949 0.993 13_2020 0.810 0.859 0.942

Sachsen-Anhalt 14_2017 0.903 0.904 0.999 14_2020 0.762 0.802 0.950

Schleswig–Holstein 15_2017 0.897 0.997 0.900 15_2020 0.781 0.989 0.790

Thüringen 16_2017 0.930 0.948 0.980 16_2020 0.769 0.794 0.969

Appendix
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Fig. 2 Inverse Normal Analysis and Boxplot Y1, Y2 and Y3, n = 96

  



Page 13 of 14Vrabková and Lee  Health Economics Review            (2023) 13:7  

Abbreviations
CRS  Constant returns to scale
DEA  Data Envelopment Analysis
DMUs  Decision Making Units
DRG  Diagnosis-related group
HosN  Number of hospitals
RQ  Research questions
PD  Population density of the state
PTE  Pure technical efficiency
SE  Scale efficiency
TTE  Total technical efficiency
VRS  Variable returns to scale

Acknowledgements
This paper was supported by project SGS No. SP2023/33, Evaluation of socio-
economic factors of mental health of the population in the Czech Republic, 
Faculty of Economics, VSB – Technical University of Ostrava.

Authors’ contributions
Iveta Vrabková a Sabrina Lee conceptualized the study. SLe designed the 
study, analysed the data, and wrote the manuscript with guidance from IVr. 
SLe provided administrative data expertise. All authors have reviewed the final 
manuscript. The author(s) read and approved the final manuscript.

Funding
This paper was supported by project SGS No. SP2023/33, Evaluation of socio-
economic factors of mental health of the population in the Czech Republic, 
Faculty of Economics, VSB – Technical University of Ostrava.

Availability of data and materials
Not applicable. The data are given in the sources—references.

Declarations

Ethics approval and consent to participate
All methods were carried out in accordance with relevant guidelines and 
regulations.

Consent for publication
Not applicable.

Competing interests
The authors declare that they have no competing interests.

Author details
1 Department of Public Economics, Faculty of Economics, VSB-Technical Uni-
versity of Ostrava, Sokolská třída 33, 702 00 Ostrava 1, Czech Republic. 

Received: 2 September 2022   Accepted: 20 December 2022

References
 1. WHO World Health Organization: The world health report: health systems 

financing: the path to universal coverage. Geneva; 2010. [https:// apps. 
who. int/ iris/ handle/ 10665/ 44371] Accessed on 23 Aug 2022.

 2. Asbu EZ, Masri MD, Naboulsi MA: Determinants of hospital efficiency. A 
literature review. International Journal of Healthcare, Vol. 6 No. 2, p. 44; 
2020. [https:// doi. org/ 10. 5430/ ijh. v6n2p 44] Accessed on 23 Aug 2022.

 3. Kalb A: Public Sector Efficiency: Applications to Local Governments in 
Germany. Edited by Gabler Research: Wiesbaden; 2010.

 4. Lindlbauer I: Efficiency and Risk Adjustment of German Hospital Care - 
Krankenhauseffizienz - Längsschnittanalysen aus verschiedenen Perspek-
tiven. WISTA – Wirtschaft und Statistik 2017, No. 2/2017:103–113. [https:// 
www. desta tis. de/ DE/ Metho den/ WISTA- Wirts chaft- und- Stati stik/ 2017/ 02/ 
krank enhau seffi zienz- 022017. html] Accessed on 23 Aug 2022.

 5. Mitropoulos P: Production and quality performance of healthcare 
services in EU countries during the economic crisis. Operational 

Research 2021, Vol. 21 No. 2:857–873. [https:// doi. org/ 10. 1007/ 
s12351- 019- 00483-3].

 6. Helmig B: Ökonomischer Erfolg in öffentlichen Krankenhäusern. Universi-
tat Freiburg, Habil.-Schr. 2001, Schriften zur öffentlichen Verwaltung und 
öffentlichen Wirtschaft, Vol. 185, 1. Aufl., BWV Berliner Wiss.-Verl., Berlin; 
2005.

 7. Kuchinke B, Kallfass HH, Schneider H, Kirn S: Krankenhausdienstleistun-
gen und Effizienz in Deutschland: Eine industrieökonomische Analyse. 
PhD thesis, Ilmenau, Techn. Univ., Gesundheitsökonomische Beiträge; 
2004.

 8. Augurzky B, Schmitz H: Effizienz von Krankenhäusern in Deutschland im 
Zeitvergleich: Endbericht - November 2010. Essen: RWI Projektberichte 
Press 2010. [http:// hdl. handle. net/ 10419/ 69926] Accessed on 23 Aug 
2022.

 9. Schneider AM, Oppel EM, Schreyögg J: Investigating the link between 
medical urgency and hospital efficiency - Insights from the German hos-
pital market. Health Care Management Science 2020, 23 No. 4:649–660. 
[https:// doi. org/ 10. 1007/ s10729- 020- 09520-6]

 10. Vrabková I, Vaňková I: Evaluation models of efficiency and quality of bed 
care in hospitals. Series on advanced economic issues, vol. 36, 1. vydání, 
VŠB-TU Ostrava, Ostrava; 2015.

 11. Taube R: Möglichkeiten der Effizienzmessung von öffentlichen 
Verwaltungen: Eine ökonometrische Untersuchung am Beispiel von 
Krankenhäusern der Bundesrepublik Deutschland. PhD thesis, Universität 
Münster, Volkswirtschaftliche Schriften, Vol. 383, Duncker & Humblot, 
Berlin; 1988.

 12. Federal Ministry of Health: The German healthcare system: Strong. Reli-
able. Proven. 2022. [https:// www. bunde sgesu ndhei tsmin ister ium. de/ 
servi ce/ publi katio nen/ detai ls/ das- deuts che- gesun dheit ssyst em- deuts 
che- ausga be. html] Accessed on 13 Febr 2022.

 13. Federal Statistical Office: Health care expenditure by facility. 2022. 
[https:// www. desta tis. de/ DE/ Themen/ Gesel lscha ft- Umwelt/ Gesun dheit/ 
Gesun dheit sausg aben/ Tabel len/ einri chtun gen. html] Accessed on 23 
Aug 2022.

 14. Schley K: Health care service provision in Europe and regional diversity: 
a stochastic metafrontier approach. Health Econ Rev 2018, 8, 11. [https:// 
doi. org/ 10. 1186/ s13561- 018- 0195-5]

 15. OECD: The territorial impact of COVID-19: Managing the crisis across 
levels of government. 2020. [https:// read. oecd- ilibr ary. org/ view/? ref= 
128_ 128287- 5agkk ojaaa & title= The- terri torial- impact- of- covid- 19- manag 
ing- the- crisis- across- levels- of- gover nment]

 16. Vaňková I, Vrabková I: Productivity analysis of regional-level hospital care 
in the Czech republic and Slovak Republic. BMC health services research 
2022, Vol. 22 No. 1:180. [https:// doi. org/ 10. 1186/ s12913- 022- 07471-y]

 17. Fried H, Lovell C, Schmidt S. The Measurement of Productive Efficiency 
and Productivity Growth. Oxford: Oxford University Press; 2008.

 18. Zhu J, Cook DW: Data Envelopment Analysis: Balanced Benchmarking. 
Great Britain: CreateSpace; 2013.

 19. Stiglitz JE, Rosengard JK: Economics of the public sector: Fourth interna-
tional student edition. WW Norton & Company; 2015.

 20. Culyer AJ: Efficiency, equity and equality in health and health. CHE 
Research Paper; No. 120. York, UK: Centre for Health Economics, University 
of York; 2015. [https:// www. resea rchga te. net/ publi cation/ 28967 0803]

 21. Jehu-Appiah C, Sekidde S, Adjuik M et al: Ownership and technical 
efficiency of hospitals: evidence from Ghana using data envelopment 
analysis. Cost Eff Resour Alloc 12, 9; 2014. [https:// doi. org/ 10. 1186/ 
1478- 7547- 12-9]

 22. Ayiko R, Mujasi PN, Abaliwano J. et al.: Levels, trends and determinants of 
technical efficiency of general hospitals in Uganda: data envelopment 
analysis and Tobit regression analysis. BMC Health Serv Res 2020, 20, 916. 
[https:// doi. org/ 10. 1186/ s12913- 020- 05746-w]

 23. Piubello Orsini L, Leardini C, Vernizzi S et al.: Inefficiency of pub-
lic hospitals: a multistage data envelopment analysis in an Italian 
region. BMC Health Serv Res 2021, 21, 1281. [https:// doi. org/ 10. 1186/ 
s12913- 021- 07276-5]

 24. Tiemann O, Schreyögg J: Effects of Ownership on Hospital Efficiency in 
Germany. Bus Res 2009, 2:115–145. [https:// doi. org/ 10. 1007/ BF033 42707]

 25. Gavurova B, Kocisova K: The efficiency of hospitals. Platform for sustain-
able health care system. Entrepreneurship and Sustainability Issues 2020, 
Vol. 8 No. 2:133–146. [https:// doi. org/ 10. 9770/ jesi. 2020.8. 2(8)]

https://apps.who.int/iris/handle/10665/44371
https://apps.who.int/iris/handle/10665/44371
https://doi.org/10.5430/ijh.v6n2p44
https://www.destatis.de/DE/Methoden/WISTA-Wirtschaft-und-Statistik/2017/02/krankenhauseffizienz-022017.html
https://www.destatis.de/DE/Methoden/WISTA-Wirtschaft-und-Statistik/2017/02/krankenhauseffizienz-022017.html
https://www.destatis.de/DE/Methoden/WISTA-Wirtschaft-und-Statistik/2017/02/krankenhauseffizienz-022017.html
https://doi.org/10.1007/s12351-019-00483-3
https://doi.org/10.1007/s12351-019-00483-3
http://hdl.handle.net/10419/69926
https://doi.org/10.1007/s10729-020-09520-6
https://www.bundesgesundheitsministerium.de/service/publikationen/details/das-deutsche-gesundheitssystem-deutsche-ausgabe.html
https://www.bundesgesundheitsministerium.de/service/publikationen/details/das-deutsche-gesundheitssystem-deutsche-ausgabe.html
https://www.bundesgesundheitsministerium.de/service/publikationen/details/das-deutsche-gesundheitssystem-deutsche-ausgabe.html
https://www.destatis.de/DE/Themen/Gesellschaft-Umwelt/Gesundheit/Gesundheitsausgaben/Tabellen/einrichtungen.html
https://www.destatis.de/DE/Themen/Gesellschaft-Umwelt/Gesundheit/Gesundheitsausgaben/Tabellen/einrichtungen.html
https://doi.org/10.1186/s13561-018-0195-5
https://doi.org/10.1186/s13561-018-0195-5
https://read.oecd-ilibrary.org/view/?ref=128_128287-5agkkojaaa&title=The-territorial-impact-of-covid-19-managing-the-crisis-across-levels-of-government
https://read.oecd-ilibrary.org/view/?ref=128_128287-5agkkojaaa&title=The-territorial-impact-of-covid-19-managing-the-crisis-across-levels-of-government
https://read.oecd-ilibrary.org/view/?ref=128_128287-5agkkojaaa&title=The-territorial-impact-of-covid-19-managing-the-crisis-across-levels-of-government
https://doi.org/10.1186/s12913-022-07471-y
https://www.researchgate.net/publication/289670803
https://doi.org/10.1186/1478-7547-12-9
https://doi.org/10.1186/1478-7547-12-9
https://doi.org/10.1186/s12913-020-05746-w
https://doi.org/10.1186/s12913-021-07276-5
https://doi.org/10.1186/s12913-021-07276-5
https://doi.org/10.1007/BF03342707
https://doi.org/10.9770/jesi.2020.8.2(8


Page 14 of 14Vrabková and Lee  Health Economics Review            (2023) 13:7 

•
 
fast, convenient online submission

 •
  

thorough peer review by experienced researchers in your field

• 
 
rapid publication on acceptance

• 
 
support for research data, including large and complex data types

•
  

gold Open Access which fosters wider collaboration and increased citations 

 
maximum visibility for your research: over 100M website views per year •

  At BMC, research is always in progress.

Learn more biomedcentral.com/submissions

Ready to submit your researchReady to submit your research  ?  Choose BMC and benefit from: ?  Choose BMC and benefit from: 

 26. Androniceanu A. Major structural changes in the EU policies due to the 
problems and risks caused by COVID-19. Administratie si Management 
Public. 2020;34:137–49.

 27. Giménez-Espert MDC, Prado-Gascó V, Soto-Rubio A. Psychosocial Risks, 
Work Engagement, and Job Satisfaction of Nurses During COVID-19 
Pandemic. Front Public Health. 2020;8: 566896.

 28. Bharati S, Bajracharya N, Tiwari KD, Maharjan O, Maharjan S: COVID-19 
Pandemic. An Experience of OBGYN Residents at Kathmandu Model Hos-
pital. Kathmandu University Medical Journal 2020, Vol. 18 No. 2:102–104. 
[https:// doi. org/ 10. 3126/ kumj. v18i2. 33066 or https:// www. resea rchga te. 
net/ publi cation/ 34724 3722_ COVID- 19_ Pande mic_ An_ Exper ience_ of_ 
OBGYN_ Resid ents_ at_ Kathm andu_ Model_ Hospi tal/ refer ences]

 29. Schreyögg J: Corona-Krise trifft auf Strukturprobleme im Gesund-
heitswesen. Wirtschaftsdienst 2020, Vol. 100 No. 4:226–227. [https:// doi. 
org/ 10. 1007/ s10273- 020- 2617-3]

 30. Dercks N von, Seehofer D, Steinert M, Krämer S, Branzan D, Dietrich A, 
Schürmann O, Gockel I: Wie stark trifft die Corona-Pandemie die chirur-
gische Klinik eines universitären Maximalversorgers? Eine Analyse der 
ersten 7 Wochen. Der Chirurg; Zeitschrift fur alle Gebiete der opera-
tiven Medizen 2020, Vol. 91 No. 9:755–761. [https:// doi. org/ 10. 1007/ 
s00104- 020- 01255-y]

 31. Hübner J, Schewe DM, Katalinic A, Frielitz FS: Rechtsfragen der Res-
sourcenzuteilung in der COVID-19-Pandemie – Zwischen Utilitarismus 
und Lebenswertindifferenz. Deutsche medizinische Wochenschrift 2020, 
Vol. 145 No. 10:687–692. [https:// doi. org/ 10. 1055/a- 1146- 1160]

 32. Charnes A, Cooper WW, Rhodes E: Measuring the efficiency of decision 
making units. European Journal of Operational Research 1978, Vol. 2 
No. 6:429–444. [https:// doi. org/ 10. 1016/ 0377- 2217(78) 90138-8]

 33. Banker RD, Charnes A, Cooper WW: Some Models for Estimating Technical 
and Scale Inefficiencies in Data Envelopment Analysis. Management Sci-
ence 1984, Vol. 30 No. 9:1078–1092. [https:// doi. org/ 10. 1287/ mnsc. 30.9. 
1078]

 34. Karmann A, Roesel F: Hospital Policy and Productivity - Evidence from 
German States. Health economics 2017, Vol. 26 No. 12:1548–1565. 
[https:// doi. org/ 10. 1002/ hec. 3447]

 35. McDonald J: Using least squares and tobit in second stage DEA efficiency 
analyses. European Journal of Operational Research 2009, Vol.197, Nr. 
2:792–798. [https:// doi. org/ 10. 1016/j. ejor. 2008. 07. 039]

 36. İlgün G, Konca M: Assessment of efficiency levels of training and research 
hospitals in Turkey and the factors affecting their efficiencies. Health 
Policy and Technology 2019, Vol. 8 No. 4:343–348. [https:// doi. org/ 10. 
1016/j. hlpt. 2019. 08. 008]

 37. Campanella P, Azzolini E, Izzi A, Pelone F, De Meo C, La Milia D, Specchia 
ML, Ricciardi W: Hospital efficiency: how to spend less maintaining 
quality? Ann Ist Super Sanita 2017, 53(1):46–53. [https:// doi. org/ 10. 4415/ 
ANN_ 17_ 01_ 10]

 38. Kirigia JM, Asbu EZ: Technical and scale efficiency of public community 
hospitals in Eritrea: an exploratory study. Health Econ Rev 2013, 3, 6. 
[https:// doi. org/ 10. 1186/ 2191- 1991-3-6]

 39. Alatawi AD, Niessen LW, Khan JAM: Determinants of Technical Efficiency 
in Public Hospitals: The Case of Saudi Arabia. Health Econ Rev 2020, 10, 
25. [https:// doi. org/ 10. 1186/ s13561- 020- 00282-z]

 40. Guo X, Zhang J, Xu Z, Cong X, Zhu Z: The efficiency of provincial govern-
ment health care expenditure after China’s new health care reform. PLoS 
ONE 2021, 16(10):e0258274. [https:// doi.org/https:// doi. org/ 10. 1371/ 
journ al. pone. 02582 74]

 41. Lin CS, Chiu CM, Huang YC, Lang HC, Chen MS: Evaluating the Opera-
tional Efficiency and Quality of Tertiary Hospitals in Taiwan: The Applica-
tion of the EBITDA Indicator to the DEA Method and TOBIT Regression. 
Healthcare 2022, 10, 58. [https:// doi. org/ 10. 3390/ healt hcare 10010 058]

 42. Busse R, Blümel M: Health Systems in Transition: Germany. Health system 
review, Health systems in transition 2014, 16(2):1–296. [https:// www. 
euro. who. int/__ data/ assets/ pdf_ file/ 0008/ 255932/ HiT- Germa ny. pdf ] 
Accessed 23 Aug 2022.

 43. Busse R, Blümel M, Spranger A. Das deutsche Gesundheitssystem: 
Akteure, Daten, Analysen. 2nd ed. Berlin: MWV Medizinisch Wissen-
schaftliche Verlagsgesellschaft; 2017.

 44. Müller M: Das deutsche Gesundheitssystem im internationalen Vergleich. 
OECD Berlin Centre Blog, 2020. [https:// blog. oecd- berlin. de/ das- deuts 
che- gesun dheit ssyst em- im- inter natio nalen- vergl eich] Accessed 13 
February 2022.

 45. GBE Health reporting of the federal government: Table: Hospitals, num-
ber and stays, e.g. by region. 2022. [https:// www. gbe- bund. de/ gbe/ pkg_ 
isgbe5. prc_ menu_ olap?p_ uid= gast&p_ aid= 10210 190&p_ sprac he= 
D&p_ help= 2&p_ indnr= 79&p_ indsp= &p_ ityp= H&p_ fid=] Accessed 27 
Aug 2022.

 46. GBE Health reporting of the federal government: Table: Hospitals, non-
medical personnel, e. g. by region. 2022. [https:// www. gbe- bund. de/ 
gbe/ pkg_ isgbe5. prc_ menu_ olap?p_ uid= gast&p_ aid= 86286 898&p_ 
sprac he= D&p_ help= 2&p_ indnr= 865&p_ indsp= &p_ ityp= H&p_ fid=] 
Accessed 27 Aug 2022.

 47. GBE Health reporting of the federal government: Table: Hospital, number 
and stays, e.g. by facility features. 2022. [https:// www. gbe- bund. de/ 
gbe/ pkg_ isgbe5. prc_ menu_ olap?p_ uid= gast&p_ aid= 48114 775&p_ 
sprac he= D&p_ help= 2&p_ indnr= 519&p_ indsp= &p_ ityp= H&p_ fid=] 
Accessed 27 Aug 2022.

 48. Federal Statistical Office database Genesis 12411–0050: Population 
density: federal states, reference date. 2022. [https:// www- genes 
is. desta tis. de/ genes is// online? opera tion =table&code=12411–
0050&bypass=true&levelindex=0&levelid=1661614199110# abread-
crumb] Accessed 27 Aug 2022.

 49. Dlouhý M, Jablonský J, Zýková P. Data envelopment analysis data. Praha: 
Professional Publishing; 2018.

 50. Cooper WW, Seiford LM, Tone K. Data Envelopment Analysis: a com-
prehensive text with models, applications, references and DEA-solver 
software. New York: Springer; 2007.

 51. Tobin J: Estimation of Relationships for Limited Dependent Vari-
ables. Econometrica 1958, 26(1):24–36. [https:// doi. org/ 10. 2307/ 19073 82]

 52. Augurzky, B., Busse, R., Haering, A., Nimptsch, U., Pilny, A., Werbeck, A. 
Leistungen und Erlöse von Krankenhäusern in der Corona-Krise. In: 
Klauber, J., Wasem, J., Beivers, A., Mostert, C. (eds) Krankenhaus-Report 
2022. Springer, Berlin, Heidelberg, 2022. [https:// doi. org/ 10. 1007/ 
978-3- 662- 64685-4_3]

 53. Slowik, M., Hentschker, C. Pflegeausgliederung – Herausforderungen und 
erste Analysen der Pflegebudgets. In: Klauber, J., Wasem, J., Beivers, A., 
Mostert, C. (eds) Krankenhaus-Report 2022. Springer, Berlin, Heidelberg. 
[https:// doi. org/ 10. 1007/ 978-3- 662- 64685-4_ 17]

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in pub-
lished maps and institutional affiliations.

https://doi.org/10.3126/kumj.v18i2.33066
https://www.researchgate.net/publication/347243722_COVID-19_Pandemic_An_Experience_of_OBGYN_Residents_at_Kathmandu_Model_Hospital/references
https://www.researchgate.net/publication/347243722_COVID-19_Pandemic_An_Experience_of_OBGYN_Residents_at_Kathmandu_Model_Hospital/references
https://www.researchgate.net/publication/347243722_COVID-19_Pandemic_An_Experience_of_OBGYN_Residents_at_Kathmandu_Model_Hospital/references
https://doi.org/10.1007/s10273-020-2617-3
https://doi.org/10.1007/s10273-020-2617-3
https://doi.org/10.1007/s00104-020-01255-y
https://doi.org/10.1007/s00104-020-01255-y
https://doi.org/10.1055/a-1146-1160
https://doi.org/10.1016/0377-2217(78)90138-8
https://doi.org/10.1287/mnsc.30.9.1078
https://doi.org/10.1287/mnsc.30.9.1078
https://doi.org/10.1002/hec.3447
https://doi.org/10.1016/j.ejor.2008.07.039
https://doi.org/10.1016/j.hlpt.2019.08.008
https://doi.org/10.1016/j.hlpt.2019.08.008
https://doi.org/10.4415/ANN_17_01_10
https://doi.org/10.4415/ANN_17_01_10
https://doi.org/10.1186/2191-1991-3-6
https://doi.org/10.1186/s13561-020-00282-z
https://doi.org/10.1371/journal.pone.0258274
https://doi.org/10.1371/journal.pone.0258274
https://doi.org/10.3390/healthcare10010058
https://www.euro.who.int/__data/assets/pdf_file/0008/255932/HiT-Germany.pdf
https://www.euro.who.int/__data/assets/pdf_file/0008/255932/HiT-Germany.pdf
https://blog.oecd-berlin.de/das-deutsche-gesundheitssystem-im-internationalen-vergleich
https://blog.oecd-berlin.de/das-deutsche-gesundheitssystem-im-internationalen-vergleich
https://www.gbe-bund.de/gbe/pkg_isgbe5.prc_menu_olap?p_uid=gast&p_aid=10210190&p_sprache=D&p_help=2&p_indnr=79&p_indsp=&p_ityp=H&p_fid
https://www.gbe-bund.de/gbe/pkg_isgbe5.prc_menu_olap?p_uid=gast&p_aid=10210190&p_sprache=D&p_help=2&p_indnr=79&p_indsp=&p_ityp=H&p_fid
https://www.gbe-bund.de/gbe/pkg_isgbe5.prc_menu_olap?p_uid=gast&p_aid=10210190&p_sprache=D&p_help=2&p_indnr=79&p_indsp=&p_ityp=H&p_fid
https://www.gbe-bund.de/gbe/pkg_isgbe5.prc_menu_olap?p_uid=gast&p_aid=86286898&p_sprache=D&p_help=2&p_indnr=865&p_indsp=&p_ityp=H&p_fid
https://www.gbe-bund.de/gbe/pkg_isgbe5.prc_menu_olap?p_uid=gast&p_aid=86286898&p_sprache=D&p_help=2&p_indnr=865&p_indsp=&p_ityp=H&p_fid
https://www.gbe-bund.de/gbe/pkg_isgbe5.prc_menu_olap?p_uid=gast&p_aid=86286898&p_sprache=D&p_help=2&p_indnr=865&p_indsp=&p_ityp=H&p_fid
https://www.gbe-bund.de/gbe/pkg_isgbe5.prc_menu_olap?p_uid=gast&p_aid=48114775&p_sprache=D&p_help=2&p_indnr=519&p_indsp=&p_ityp=H&p_fid
https://www.gbe-bund.de/gbe/pkg_isgbe5.prc_menu_olap?p_uid=gast&p_aid=48114775&p_sprache=D&p_help=2&p_indnr=519&p_indsp=&p_ityp=H&p_fid
https://www.gbe-bund.de/gbe/pkg_isgbe5.prc_menu_olap?p_uid=gast&p_aid=48114775&p_sprache=D&p_help=2&p_indnr=519&p_indsp=&p_ityp=H&p_fid
https://www-genesis.destatis.de/genesis//online?operation
https://www-genesis.destatis.de/genesis//online?operation
https://doi.org/10.2307/1907382
https://doi.org/10.1007/978-3-662-64685-4_3
https://doi.org/10.1007/978-3-662-64685-4_3
https://doi.org/10.1007/978-3-662-64685-4_17

	Approximating the influence of external factors on the technical efficiency score of hospital care: evidence from the federal states of Germany
	Abstract 
	Background 
	Methods 
	Results 
	Conclusions 

	Introduction
	Literature review

	Methodology
	Data and methods
	Input-oriented DEA model and its decomposition

	Results: decomposition of the input-oriented DEA model
	Results: exogenous factors
	Discussion and conclusion
	Acknowledgements
	References


